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Residential Electricity Consumption Current Waveform
Analysis by Wavelet Transform

Koichi Kuzume*

Abstract

To realize the low carbon emission society, the importance of the renewable electric generator and
power conservation is recognized. The EMS (Energy Management System) which enables to
actively manage both the power demand and consumption is focused. It is required to
disaggregation of individual electric appliances and to estimate the amount of power consumption.
Now we are devoting to research on the development of a new algorithm to estimate the working
appliances by using their power current data. In this research the wavelet packet transform is used
for analyzing power consumption current. There are several kinds of wavelet transform methods,
such as discrete wavelet and dyadic wavelet transform. The dependence of the wavelet methods and
cost functions on effective representation of the power consumption current signal is surveyed.
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